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Abstract 

Wide availability of social media, sensors, surveillance 
and technologies that enable real world observation 
and measurements has led to a remarkable increase in 
streaming data. Streaming data is typically 
continuously collected, and thereby needs to be 
analysed into processed information, trends and 
patterns as the data arrives. Sentiment Analysis utilizes 
automated means for detecting subjective information 
such as opinions, attitudes, and feelings expressed 
towards entities mentioned in social media streams. The 
time-dependent nature of this task requires developing 
methods and techniques for continuous monitoring and 
analysis of streaming feeds such as Twitter data to 
provide live and updatable models for identifying 
sentiments that evolve over time. 
 
1. Introduction 

Using social media is a very popular way of 
expressing opinions and interacting with other people in 
the cyber world. Twitter is one of the most common 
online social media and micro-blogging services and it 
enables users to connect with others and get updates on 
topics and events that interest them. Tweets are real raw 
data in the format of text that express opinions, ideas 
and events in the moment, which are updated 
continuously. Opinions, evaluations, emotions, 
speculations are expressed in language by subjective 
expressions [1].  
 
2. Related Work 

Sentiment polarity returns overall opinion of a text 
or documents in one single issue.  The opinions classify 
to two opposing sentiment polarities, which are called 
positive or negative or introduce as neutral while the 
position of opinion locates between theses two 
polarities. This kind of labeling can be used to 
summarize the content of opinionated texts and 
documents [2].  

 
2.1. Machine learning methods 

Three well-known and frequently used machine 
learning methods which are effective for text 
categorization, are used to classify tweets by overall 
positive or negative sentiment, include: Naive Bayes, 
Maximum Entropy Classification, Support Vector 
Machines [3]. 

2.2. Sentiment classification 
Labeling an opinionated text and categorizing it 

based on overall positive, neutral and negative classes is 
called sentiment polarity classification. The label of 
neutral is used for objective classes that have lack of 
opinion in the text or it could be a mixture of positive 
and negative opinions. [2].  

 

 
 

Figure 1. Classification process 
 
4. Discussion 

By extracting information and understanding the 
topics and sentiments from large volumes of online and 
dynamic social media streams, we will be able to follow 
the opinions of the communities, track real world 
discussions and events and extract meaningful 
information that can be fed to other systems to enable 
intelligent decision making, giving feedback and 
analysing the most common patterns and topics of 
discussions that emerge from the social streams.  

5. Future Work 
The future work can be focused on classification of 

scalable topic-level streaming feeds polarity with 
classifying the streaming feeds sentiment towards the 
given topic. The next step can be defined as trend 
detection toward a topic on a set of streaming feeds to 
determine the polarity of them toward a target topic.  
 
6. References 
[1] A. Bifet and E. Frank, "Sentiment knowledge discovery in 

twitter streaming data," in Discovery Science, 2010, pp. 1-
15. 

[2] B. Pang and L. Lee, "Opinion mining and sentiment 
analysis," Foundations and trends in information retrieval, 
vol. 2, pp. 1-135, 2008. 

[3] B. Pang, L. Lee, and S. Vaithyanathan, "Thumbs up?: 
sentiment classification using machine learning 
techniques," in Proceedings of the ACL-02 conference on 
Empirical methods in natural language processing-
Volume 10, 2002, pp. 79-86. 

 


